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1 Introduction

With the increasing pace at which domestic markets are becoming integrated into a
common global system, the debate on income disparities around the world has intensi-
fied. By creating global awareness, globalization had placed people’s own perception of
wellbeing within an international context giving more relevance to the concept of global
income distribution (Milanovic 2006). The common understanding is that the recent
globalization process has exacerbated inequalities between rich and poor countries and
between poor and rich individuals within the countries. The literature, nevertheless,
does not provide an unambiguous support for this statement. Bourguignon and Morris-
son (2002) show that during the last 30 years the global income distribution experienced
very little changes, Sala-i Martin (2006) argues that global disparities had reduced in
the last years, and on a diametrically opposing view, Milanovic (2002) shows that the

global distribution deteriorated between 1988 and 1993.!
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Most of the discrepancies in the trends in global income distribution arise from the differences

in data sources, country/year coverage, and the way in which different studies impute missing data.
Bourguignon and Morrisson (2002) and Sala-i Martin (2006) use GDP per capita as the measure of
average incomes across countries whereas Milanovic (2002) use the mean income reported by household

survey data.



One of the few consensus found in the literature is that more than half (around 70
percent) of the total income disparities among all individuals in the world are explained
by differences on average incomes across countries. The importance of average incomes
across countries in explaining global disparities places the convergence literature at
the heart of the global income distribution debate (Quah 1996). This does not mean
that inequalities at the national level are to be dismissed. In fact, by ignoring intra-
country income inequality we can arrive to a completely different understanding about
the levels and trends of global inequality (Milanovic 2002). Therefore, the evolution
on the income gap between, say, a British and a Chinese citizen will depend on GDP
growth in Britain and China as well as the changes in the distribution within these two

countries.

The objective of this paper is to project the global income distribution by means of
changes in growth rates across countries and income inequality within them. The
present study represents the first attempt to analyze the prospects for global income
distribution. We develop a novel framework for Global Income Distribution Dynam-
ics (GIDD) which combines a computable general equilibrium (CGE) model with a
micro-simulation system at the global level. The global CGE computes income growth
rates which are then used to shock incomes at the household level obtaining the con-
vergence component of changes in global inequality, i.e. changes in global distribution
due to changes in average incomes between countries keeping within-country inequality
constant. Our analysis is not limited to changes in average incomes across countries;
using a newly developed global household income dataset, we are able to explore the
effects of changes in global disparities attributable to changes in within-country in-
equality (dispersion component).? Our framework uses the CGE-consistent changes in
skilled-to-unskilled wage premium in rural and urban areas to modify incomes at the
household level. These changes in skill premiums create a new distribution of incomes
within each country. Within the GIDD’s framework, an ex-ante change in the global
income distribution is the outcome of changes in average incomes between countries
and changes in income inequality within them. The analysis allows us to understand
how changes in global income distribution are accounted for by changes in growth rates
across countries and changes in income differences within national states. This study
represents a big jump in our understanding of global income inequality estimating, for

the first time, a global Macro-Micro model.

2A new dataset was assembled as part of the GIDD project. The new dataset as well as a paper

documenting the steps followed to construct it is available from (place GIDD’s webpage link here)



According to WorldBank (2006), in the next 20 years the developing world will enjoy
rates of growth higher than those experienced by rich countries, therefore, the income
of citizens in poor countries will tend to converge slowly towards the levels observed in
high-income countries. WorldBank (2006) also argues that global market integration is
a fundamental component behind the coming global growth. It is therefore expected to
see a world-wide redistribution of resources creating winners and losers within countries
as a result of the forthcoming globalization. We use the GIDD framework to uncover
the global distributional consequences of the next wave of growth and globalization.
Using household survey data for 83 countries and grouped income data for 32 countries
covering 91 percent of the world’s population (see Annex 1 for details), we project the

global income distribution for year 2030.

The paper is organized in the following way. The next section discusses the contribu-
tions on global income distribution identifying the sources behind the debate about its
recent trends. Section 3 develops a model for Global Income Distribution Dynamics
(GIDD) which is then used to undertake ex-ante simulations of global inequality. A
brief description of the data and the results are presented in Section 4. In this section
we use the GIDD to project the global income distribution for 2030; we decompose the
total change in inequality into the effects due to changes in between-country average
incomes and changes explained by shifts in within-country inequality. Finally Section

5 concludes.

K We should talk more about the data in the introduction. The motivation behind
the prospects of global income distribution is not yet well justified. Are we including

poverty?? ***

2 Are Incomes Around the World Becoming More

Unequal?

Assessing what has happened to global income distribution in the last two decades-
and what will happen in the next 25 years-presents a number of challenges. Part
of the difficulty lies with choosing an appropriate measure of inequality to capture
income disparities around the world. The literature identifies three main approaches

to measuring income inequality around the world, all of which have strengths, but each



of which measures a slightly different thing.?

1. Intercountry inequality is a concept favored by macroeconomists. It measures
relative movements across countries and gives each country an equal weight in
the world distribution (that is, population size does not matter). This literature
tends to conclude that in the last two decades, income distribution has become

more unequal.

2. International inequality takes into account the relative sizes of countries (that
is, results are population-weighted). Its proponents (such as Theil and Seale
1994) point out that failing to use population weights will cause, for example,
the fast growth of China to be exactly offset by the anemic growth rates of
Malawi or Honduras, even though the number of Chinese citizens who experienced
improvements in their incomes far exceeds the populations of either of the other
two countries.* The broad consensus in this literature is that income inequality
has decreased, although this finding is mostly driven by the fast growth in China

and India.?

3. Global inequality, which compares individual incomes regardless of country of
citizenship, is a fairly recent concept (Milanovic 2002). Global inequality takes
into account within-country inequality, which is ignored by the international in-
equality approach, where each individual is deemed to earn the country’s average
income. To a large extent, fast growth in the large emerging economies tends
to offset the increases in inequality within countries (see Bussolo et al. (2007));
therefore by this measure, global inequality has remained roughly constant since
the late 1980s.

Even though these three methodologies can yield quite different pictures of past and
future trends, and none is clearly preferable to the others (Ravallion 2004), it is worth

elaborating on some general trends.%

3In this discussion the authors have adopted the naming conventions of WorldBank (2005). Mi-

lanovic (2005) refers to the following different measurements as inequality concepts 1, 2, and 3.
4Bourguignon, Levin, and Rosenblatt (2004) point out that using the intercountry concept may

represent an implicit welfare judgment, whereby the rising incomes of more populous countries cannot

offset the losses of smaller countries when their incomes are falling.
5The influence of China and India is so large that omitting these two countries would reverse the

conclusion: international inequality excluding China and India has increased in the past two decades
(7).
6Tt should also be noted that measurement of inequality is sensitive to both the precise indicators

used to measure it and the time horizon chosen.



Intercountry measurements of inequality suggest that the last five decades of devel-
opment have done little to bring the average incomes of developing countries closer to
those of the countries of the Organisation for Economic Co-operation and Development
(OECD). For example, Quah (1996, 1997) finds “emerging twin peaks” in the global
distribution, supporting the argument that the relative distance between the top and
the bottom of the global income distribution has increased since the 1950s. More gen-
erally, Pritchett (1997) has concluded that a “big time” divergence in incomes occurred
between 1870 and 1990, evidenced by a doubling of the gap between the per capita

incomes of the rich and poor countries.”

Underlying this general pattern is a large
degree of variation in individual country performance, with growth peaks and valleys
across various regional groupings and time periods. However, the overall trend is of an
increasing distance between countries in different income brackets, although Pritchett
(1997) also shows evidence of convergence at the top of the distribution (that is, among

the group of today’s high-income countries).

Once different weights are assigned to countries based on their population (using the
international inequality approach), the global income distribution appears to have im-
proved. For example, Bourguignon, Levin, and Rosenblatt (2004) demonstrate a de-
crease in world income inequality between 1980 and 2002, as long as the relevant
inequality measures are not too sensitive to the distance of mean income from the
bottom.® Using the Gini, the Theil index, and mean logarithmic deviation Atkinson
and Brandolini (2004) observed a similar decrease in global income inequality between
1970 and 2000. However, these approaches do not take into account inequality within
countries, which has been steadily increasing since the late 1980s (World Bank 2005).
Nonetheless, the extent to which increases in inequality within countries have offset the
decreases in inequality between them is a hotly debated subject.® Therefore the overall

direction of change in global inequality since the 1980s is not clear.”

"The ratio of per capita incomes of the richest and poorest country in the sample has grown by a
factor of more than five.

8Bourguignon, Levin, and Rosenblatt (2004) show that it is possible to produce rising inequality
statistics if, for example, the sensitivity of the Atkinson inequality index to deviations from mean

income at the bottom of the distribution is set sufficiently high (over five).
9Bourguignon and Morrison (2002) argue that inequality between countries has been responsible

for most of the time-series variation in global inequality. See also Milanovic (2002), who shows that

in 1993, inequality between countries accounted for three-quarters of global inequality.
10Some of the studies examining global inequality have relied on parameterized Lorenz curves to add

the within-country dimension to the analysis: see for example, Sala-i-Martin (2002a), Sala-i-Martin
(2002b), and Bhalla (2002). Others, such as Milanovic (2002) and World Bank (2005), have built up

the global distribution from household surveys.



Bourguignon, Levin, and Rosenblatt (2004) offer a “mobility” argument to reconcile
the seemingly divergent strands of the literature on intercountry and international
inequality. Most of the improvement in global income distribution since the mid-1980s
has been driven by increases in the incomes of millions of people in East and South
Asia. Thus the individuals at the bottom of the income distribution today are not
the same as the poor of 20 years ago. Therefore “those who insist upon equal-weights
inequality and corresponding worsening of the distribution have in mind the implicit
mobility argument. For them, the fact that some world citizens lost (for example, in
Sub-Saharan Africa or the Former Soviet Union) is not necessarily compensated by the
fact that others, initially poorer, in China or India have gained. The initial income
position matters and the social cost of falling incomes is not compensated by the social
gain of increasing incomes, even if these changes take place in the same income range”

(Bourguignon, Levin, and Rosenblatt 2004: 21).

*** Talk about national accounts versus household survey to anchor mean incomes!!
The reasons behind the discrepancies are not yet clear: data sources, years covered,

etc.

3 Methodology: GIDD

The GIDD framework is based on CGE-microsimulation methodologies developed in
the recent literature, including Bourguignon, Robillard and Robinson (2003); Chen and
Ravallion (2003); and Bussolo, Lay, and van der Mensbrugghe (2005). The starting
point is the global income distribution in 2000, assembled using data from household
surveys for 84 countries and data on income groups (usually vintiles) for the remaining
countries; the final sample covers 91 percent of the world population (see Annex 1 for
a full detailed list).} The hypothetical 2030 distribution is then obtained by applying
three main exogenous changes to the initial distribution: (a) demographic changes,
including aging and shifts in the skill composition of the population; (b) shifts in the
sectoral composition of employment; and (c) economic growth, including changes in

relative wages across skills and sectors.

U Throughout the paper, when we talk about the global distribution, we are indeed referring to the

GIDD’s sample covering 91 percent of the world population.



3.1 Conceptual Framework

GIDD’s framework is depicted in Figure 1. Our simulations will include the expected
changes in the shares of population by groups formed by age and education character-
istics (top boxes of Figure 1). The future changes in population shares by age (upper
left part of Figure 1) are taken as exogenous from the population projections provided
by the World Bank’s Development Data Group. Therefore, we assume that fertility
decisions and mortality rates are determined outside the model. The change in shares
of the population by education groups incorporates the expected demographic changes
(linking arrow from top left box to top right box in Figure 1). Next, new sets of pop-
ulation shares by age and education subgroups are computed and household sampling
weights are re-scaled according to the demographic and educational changes above
(larger box in the middle of Figure 1). In a second step, the demographic changes will
impact overall labor supply by age and skill groups. These changes are incorporated
into the CGE model to simulate overall economic growth, growth in relative incomes by
education groups and sector reallocation of labor (link between the middle and bottom
rectangles). Finally, the results of the CGE are passed-on to the re-weighted household

survey (bottom link in Figure 1).

In reality these changes take place simultaneously, but in the GIDD’s simplified frame-
work they are accommodated in a sequential fashion. In the first step, total population
in each country is expanded until it reaches the World Bank’s projections for 2030.
The structure of the population is also changed; for example, as fertility rates decrease
and life expectancy increases, older age cohorts will become larger in many countries.
To accommodate these changes in the survey data, larger weights have been assigned
to older people than those assigned to younger individuals. In the next step, work-
ers move from traditional agricultural sectors to more dynamic industrial and service
sectors, and new incomes are estimated for these movers. Finally, consistent with an
overall growth rate of real income per capita, changes in labor remuneration by skill
level and sector are applied to each worker in the sample depending on their education
and sector of employment. The number of workers changing sector of occupation and
the growth differential in labor remuneration which are use to “shock” the micro-data
are consistent with the results of the global computable general equilibrium (CGE)
model described in the previous Section. (Note that the outcomes of the CGE model

are also influenced by the same demographic changes described above.)
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Figure 1: Empirical Framework

The sequential changes described above reshape national income distribution under
a set of strong assumptions. In particular, income inequality within population sub-
groups formed by age, skills, and sector of employment is assumed to be constant over
the period. Moreover, data limitations affect estimates of the initial inequality and its
evolution. Although consumption expenditure is a more reliable welfare measure than
income, and its distribution is normally more equal than the distribution of income,
consumption data are not available for all countries’ surveys. To get a global picture,
the present study had to include countries for which only income data were available.
Finally, measurement errors implicit in purchasing power parity exchange rates, which
have been used to convert local currency units, also affect comparability across coun-
tries. The resulting income distribution should thus not be seen as a forecast of what
the future distribution might look like; instead it should be interpreted as the result
of an exercise that captures the ceteris paribus distributional effect of demographic,
sectoral, and economic changes. Although the results of this exercise provide a good
starting point for debating potential policy trade-offs, they should not be used as the
basis for detailed policy blueprints.



Notice that within the GIDD, the convergence component of the global income dis-
tribution, i.e. the growth in average incomes, and the dispersion component, i.e. the
within-country distributional effect, will be determined in a simultaneously consistent
way. In other words, if the exogenous changes in a country’s demographic structure
is associated with higher growth in per capital incomes but also with higher inequal-
ity, these two effects will be captured by our model. The impact of the convergence
and dispersion components of global inequality will be determined by the country’s
initial position in the global distribution. Thence, the global distributional effect of
higher-than-average growth rates in poor countries (those in the lower part of the
global distribution) will have an inequality-reducing effect; the global distributional
effect of changes in within-country dispersion will also depend on the country’s initial
position in the global distribution. The rest of this section is devoted to the detailed
explanation of the empirical methods behind the framework just described. The discus-
sion is separated between socio-demographic changes—including shifts in age groups
and education attainments, and economic changes—covering overall household income
growth, changes in skilled-to-unskilled wage premiums, and sectoral reallocation (out

of agricultural activities).

3.2 Socio-Demographic Changes
3.2.1 Reweighting Procedure

As it is depicted in the top part of Figure 1, the starting point of our microsimulation
exercise is a set of exogenous demographic changes: population size and its structure
(in terms of age groups) are modified following the World Bank population projections.
The microsimulation model accounts for these changes by adjusting (or re-calibrating)

the household survey data by means of a re-weighting procedure following Cai, Creedy,
and Kalb (2006).

Define w = (wy,...,w,) as a vector containing the survey design weights for each
individual included in the sample such that the total population, N, can be computed

by the following expression:'?

N:Zwi (1)

12The reliability of equation (1) is subject to a previous process reconciling household survey and

national accounts data, for details see Robilliard and Robinson (2003).



By the same token, given a partition rule g (say by age and skill groups), the population
in each of the m = 1,..., M subgroups (/V,,) can be obtained using the expression

below:

N =Y w (2)

eEm

Using equations (1) and (2) we can compute the population share for subgroup m:

Vm = N (3)

Our reweighting procedure generates a new vector of sampling weights, w, such that

the population share of the M subgroups are equal to the target values v:

~ & o Zi@n Wi

Uy = = o 4
N > iy Wi @

Where ]\Afm and N are the expected population in subgroup m and the total population,
respectively; the information on ]Vm and N is taken from the population projections
by age groups provided by the World Bank’s Development Data Group. Additionally,
the distance between the new and the original sampling weights, D, is minimized to
attenuate the change in survey design imposed by the reweighting process. Therefore
the reweighting procedure minimizes D = " | | w; —@; | subject to equation (4); this

problem can be summarized by the following Lagrangean:

L=Z|wi—@i\+A(Dm—zf—’@> (5)

The reweighting procedure modifies the household survey data for it to be consistent
with the assumptions made about the ex-ante values of the population aggregates 7,,.
If we were only interested in accommodating ex-ante changes in the population struc-
ture, we could use the World Bank population projections by age groups to construct
aggregates U, and then use equation (5) to generate the new weights.!3> Nonetheless,
our analysis considers the distributional effects of simultaneous changes in two popu-

lation characteristics: age and education. In the following subsection we explain how

13Using the Stata commands that accompany this paper, it is possible to undertake a reweighting

procedure that accommodates only changes in the population structure.

10



to project educational attainments in a way that there are consistent with the demo-
graphic projections. Equation (5) can be use to compute a new set of sampling weights

that will achieve the projections on demographic and educational attainments.

3.2.2 Projecting Educational Attainments

Given some degree of heterogeneity in educational attainments across age groups, a
change in the population structure will affect overall skill endowments. For instance,
assume that at time ¢ young individuals are more educated than older ones, then as
time passes, the old and unskilled of today will be substituted by young and more
skilled individuals. Therefore at time t + 1, the overall skill endowments (or the av-
erage national educational attainment) increases as a consequence of the change in
the structure of the population (even in the absence of policies intended to increase

educational attainments).

To take this linkage into account, the population shares by educational groups are ex-
trapolated along with the population projections. As we show in the top part of Figure
1, The World Bank population projections are used as the inputs to extrapolate the
shares of population by education groups (thence its classification as a semi-exogenous
component). Age and skills are both included in our partition rule g therefore, at time
t, the population will be divided into subgroups formed by individuals in different age
and skill categories. The key assumption behind our educational attainment projec-
tions is that the distribution of skills within age groups remain constant over time.
For example, if at time ¢ half of the population in the cohort formed by individuals
whose age is between 25 and 30 have post-secondary education, then, after 10 year (at
t + 1), half of the population between 35 and 40 will have post-secondary education.*
This mechanical way of extrapolating educational achievements will yield the target
(or expected) population shares for subgroups of age and skills: 7,,. The values in
Um are then substituted into equation (5) to generate the new set of sampling weights

A~

w.

Several caveats inherent to our reweighting procedure should be mentioned. Through-
out the reweighting exercise, within-household structure is not modified. Therefore, to
simulate, for example, an ex-ante situation where the share of older and more skilled

individuals will be larger (i.e. a typical case of a country reaching the final stages of its

14Tn the Stata implementation, educational attainments can also be extrapolated assuming that the

educational attainments within age cohorts improve over time.
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demographic transition), the reweighting procedure increases the weight of households
whose members tend to be older and more educated (relative to household with other
characteristics). This approach contrasts with one where individuals (rather houeshold)
weights are modified and hence the within-household structure is allowed to change.!®
The second crucial assumption behind our reweighting method is that all personal char-
acteristics within subgroups formed by age and skills remain constant over time. In
other words, the old and skilled of tomorrow will have the same characteristics as the
old and skilled of today. The consequence of this assumption is that the reweighting
process will alter the distribution of all other personal characteristics that are correlated

with age and education.

3.3 Economic Changes

The demographic changes being modeled will cause a change in overall labor supply
and in the supply by education groups. Given a labor demand, these shifts in labor
supply will have an impact on wages and the aggregate demand. These general equilib-
rium changes in relative prices and wages cannot be captured by a microeconometric

model, therefore we have to use a Computable General Equilibrium (CGE) model.

** Perhaps Denis or Maurizio can explain better this part **

3.3.1 Labor Reallocation

The CGE model will predict the number of workers moving out of the traditional agri-
cultural sector into the more modern industrial and service sectors. Workers will chose
to abandon the agricultural sector if this choice represents an increase in their income,

hence sectoral reallocation of labor will have an impact on income distribution.

To chose who is leaving the agricultural sector we estimate the conditional probability
of being a worker in the non-agricultural sector via a probit equation. The probability
of observing individual j working in the non-agricultural sector (NA; = 1) is modeled

in the following way:

Pr(NA; =1)=P(X;,Z)) (6)

15In the Stata implementations, the user can choose whether to perform the reweighting at the

household or at the individual level.
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Where X ; and Z; are vectors of personal and household characteristics of individ-
ual j, respectively. the workers in the agricultural sector are ordered based on their
probability of being in the non-agricultural sectors (equation 6). Workers with higher
probabilities to be in non-agricultural sectors are moved out of the agricultural sector

up to a point where the predicted shares of workers by sectors is satisfied.

Once the agricultural workers with a higher likelihood of being in non-agricultural
sectors have changed sector of employment, the next step is to assign them a labor
remuneration. Firstly, we estimate a mincer equation for workers in agricultural (A)

and non-agricultural (N A) sectors:

hl(Y)j,s = Xj,sﬁs + 5j,s s = <A7 NA) (7)

Movers will carry with their personal endowments (X ;) and their residual (g;). Nev-
ertheless once they arrive to the non-agricultural sectors, their vector of personal char-
acteristics X ; will be rewarded with prices By 4 and their residuals will be re-scaled to
take into account the differences in the distribution of unobservables between the agri-
cultural and non-agricultural sectors. Hence assuming worker j is a mover her income

assignment function will be defined as:

In(Y)jna = X;Bya +¢j (8)

where €% = ¢; A(0ena/oea) and o, is the standard deviation of the distribution of

residuals in sector s.

3.3.2 Economic Growth

4 The Global Income Distribution in 2030

We use the methods developed in the previous section to “roll the economy” to 2030.
There are plenty of interesting results emanating from this exercise; the prospects for
global growth have been discussed in ? and Bussolo et al. (2007a,b). In this study
we concentrate in the global distributional effects behind the expected changes in per

capita incomes and its distribution within countries.
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Figure 2: Lorenz Dominance

Cumulative Income Share
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In Figure 2 we plot the Lorenz curves for the global income distribution in 2000 and
2030. The distribution in 2030 Lorenz-dominates the distribution in 2000, i.e. global
income inequality is better distributed in 2030 as compared with 2000—regardless of
the inequality measured being used. This can be easily verified by looking at the
inequality statistics reported in Table 1 showing a reduction in inequality for the Gini,
the Theil, and the mean logarithmic deviation. The rest of this section analyzes the
causes behind this distributional change in terms of the convergence and dispersion
components. We show that the reduction in global income inequality between 2000
and 2030 is the outcome of two opposing forces: the inequality-reducing convergence

effect and the inequality-enhancing dispersion effect (Table 1).

Table 1: Global Income Inequality

Dispersion Convergence
Index 2000 2030 Only Only
Gini 0.678 0.630 0.682 0.617
Theil 0.926 0.764 0.959 0.720
Mean Log Deviation 0.897 0.774 0.907 0.737

Data source: Authors’ own calculations using data from GIDD
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4.1 Dispersion Component: Intra-Country Inequality at the
Rise

Within-countries, income distribution will be altered by: demographic changes, changes
in skilled-to-unskilled wage premia, and rural-urban migration. In Figure 3 we plot non-
parametric kernel densities of the global income distribution in 2000 together with a
hypothetical distribution capturing only the changes in within-country inequality be-
tween 2000 and 2030. The hypothetical distribution was created by dividing household
incomes in 2030 by the country-specific growth rate on average incomes between 2000
and 2030. In other words, the dispersion component is the outcome of all the changes

outlined in Section 3 keeping constant average incomes in each country.

Figure 3: Dispersion Component 2000-2030

Monthly household per capita income (1993 PPP, log)

Global Distribution 2000 @———-—- Dispersion Component

Overall, distributional changes within countries has an inequality-enhancing effect, with
the global income distribution increasing in half of a Gini point from 67.75 to 68.20 (see
Table 1). Within-country income distribution is affected by two sets of factors: shifts
in the demographic structure of the population, in terms of aging and education attain-
ment, and changes in rewards for individuals’ characteristics, such as their education
level, experience, sector of employment, and so on. Therefore, the changes in income
distribution within each country can be further decomposed into changes due to shifts
in the demographic structure of the labor force and changes due to adjustments in the
rewards to personal characteristics. Creating a hypothetical global income distribution

were the only changes occurring between 2000 and 2030 are the shifts in the demo-
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graphic structure within each country, we can show that the global Gini coefficient
would have remained constant. Hence the dispersion component is basically explained

by changes in changes in rewards to individual’s characteristics.

The rather modest impact brought about by the dispersion component can be hiding
important country-specific changes that at the global level end up canceling out each
other. To explore this possibility Figure (xxx) shows the change in the Gini coefficient
for each country between 2000 and 2030. More than two-thirds of low- and middle-
income countries in the study sample, comprising 86 percent of the population in the
developing world, are projected to experience a rise in inequality by 2030. For some
countries the increase is quite significant (see Figure 4). The pure demographic com-
ponent is depicted by the horizontal bars in Figure 4. Notice that there is very little
correlation between the distributional effects of demographic changes and the total
change in within-country inequality. Therefore, the general positive shifts in country-
specific Gini coefficients can be attributable to increases in the skilled-to-unskilled wage

premium (the difference between solid squares and the horizontal bar in Figure 4).

Figure 4: Variation of Gini coefficient between base year and 2030

0.08
Total change mm¥
mN
0.06
Change due to demographic shift \_.'
0.04 b
Change due to —_— ¥ J
- economic shift (T T - yI I T
0.02 ¥ ~ l I Il *I. J. 1l 1
7 I+
0.00 +TF .[ z TI

-0.02

[
[ ]
iI
-
-0.06 S8 gs >0 D 00060000 sl Sr RS S0C oo aE o S VRS C-go8QaBc
I R R A I R B R R  r e e T
= o b= T= D § 3 = cExS0a ceE 0T E25088g 20c 8V E O>5C R 5 D QgL = =
I6En255283030 35808880 E58332g05x285apg8 022508085 0225580:288 Sc5
28PgESRE = ﬁkamo8gg§8o%§om§a§253m8552559 = ﬂéﬁ Gz °3SEZ-2g 8087
gPI > Co2SENELXS E<38>STcedrFTEg o 2T~ 80OF e~
H o 0“2t ay g 00" 27 88 255 sg © ]
S 5§58 2 @ = ~g 3] a
= >S9 3
; g :

Almost all the countries expecting a reduction in inequality are highly unequal Latin
American economies. On the other hand, inequality-reducing changes take place in
African and Asian countries with relatively low initial inequality. As we mentioned
it before, widening gaps in factor rewards, and particularly in the premium paid for

higher skills, tend to produce larger changes in inequality and generally determine

16



the overall direction of the effect. The results therefore illustrate a “convergence” of
income distributions across countries, which can be interpreted as a manifestation of
the Kuznets hypothesis or as a consequence of the globalization-induced equalization

of factor prices.

4.2 Convergence Component: The Poor World is Catching-
Up

There are three aspects determining the existence, sign, and magnitude of each coun-
try’s contribution to the convergence component: (1) a particular country will have a
global distributional impact if its rate of growth differs from the global average; (2)
given that condition (1) is satisfied, the sign of the distributional effect will depend
on the country’s initial position in the global distribution; and (3) the magnitude of
the impact is determined by the size of the growth rate differentials (with respect the
global average) and the country’s share in the global population. Hence, initial poor
countries with higher-than-average growth rates will have a inequality-reducing effect

with its magnitude being determined by the size of the country’s population.

In Figure 5 we show the change in the global income distribution that is due to differ-
ences in growth rates between countries keeping global average income constant. Had
the convergence effect been the only change taking place between 2000 and 2030, global
inequality would have reduced in more than 6 Gini points (see Table 1). Therefore the
documented improvement in the global distribution is entirely explained by growth
rates differentials across countries with poor countries catching up with middle- and

high-income countries.
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Figure 5: Convergence Component 2000-2030
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